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The Monday Morning Playlist

Every Monday morning, millions of Spotify users open their app to find a fresh
playlist waiting for them: 30 songs they've never heard before, tailored specifically
to their taste. The feature is called Discover Weekly, and since its launch in 2015 it
has become one of the most beloved and widely copied features in the history of
music streaming. It is also one of the clearest examples of how artificial intelligence
can create something that feels almost uncannily personal. Before Discover Weekly,
music discovery worked the way it always had: a friend recommends something, you
hear a song on the radio, a critic writes a review. Those methods still exist, but they
are slow, unpredictable, and limited by the network of people you know. Discover
Weekly changed the equation entirely. It promised a personalized expert music
curator who knew your taste better than most of your friends, and it delivered, on a
massive scale, every single week.

Three Technologies Working Together

Spotify's recommendation system is built on three distinct AT techniques that work
together. The first is collaborative filtering, which we've seen on Netflix and
TikTok: match you with users who have similar listening histories and recommend
what they've been playing. At Spotify's scale (over 600 million users as of 2024),
this technique is extraordinarily powerful. Even the most niche genre imaginable has
enough listeners to build meaningful taste clusters. The second technique is Natural
Language Processing (NLP). Spotify has a system that reads billions of blog posts,
music reviews, playlist names, and articles on the internet and extracts what people
are saying about specific songs and artists. If reviewers consistently use words like
‘melancholy," 'rainy day,' and 'introspective’ when describing a particular artist,
Spotify’'s NLP system learns that this artist occupies a specific emotional space in
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the musical landscape. This language-based understanding helps Spotify recommend
music based on mood and context, not just genre. The third technique is audio
analysis. Spotify uses machine learning to analyze the raw audio of every song in its
catalog and extract acoustic features: tempo, key, loudness, danceability, energy,
speechiness, and more. These audio fingerprints let the system identify songs that
sound similar even if they are by completely different artists in completely
different genres. A lo-fi hip-hop track and a soft acoustic folk song might share
enough acoustic DNA (slow tempo, low energy, low speechiness) to be recommended
together.

How Discover Weekly Is Actually Built

Each week, Spotify runs a massive computation process to build a unique 30-song
playlist for every one of its hundreds of millions of users. The process starts with
collaborative filtering: the system identifies your 'taste cluster' (the group of users
most similar to you) and gathers all the songs those users have loved recently that
you haven't heard yet. That produces a large candidate pool. The NLP and audio
analysis layers then filter that pool down. Songs that match your mood fingerprint,
based on what types of tracks you've been playing most recently, move up in the
rankings. Songs that are acoustically similar fo your recent favorites get prioritized.
By the fime the playlist is assembled, every track has passed through multiple AT
filters, each one asking the same question: is this a song this specific user will love?
Spotify then runs quality checks. If you have recently disliked a particular artist,
that artist's music gets filtered out. If you exclusively listen to calm, low-energy
music at work, the system knows not to put a high-tempo club track in your Monday
playlist. Context matters too: Spotify can infer from your listening behavior
whether you're at the gym, commuting, or working, and it weights recommendations
accordingly.

What Discover Weekly Gets Wrong

Despite its remarkable accuracy, Discover Weekly has notable failure modes. The
most common complaint is the filter bubble problem: users who have very defined,
narrow tastes find that the algorithm keeps pushing them deeper into the same
sonic territory, never venturing outside their established comfort zone. A user who
listens almost exclusively to 1990s grunge may find that Discover Weekly never
introduces them to artists who draw from that tradition but sit in entirely different
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genres. The system also struggles with context. If you use one Spotify account for
yourself and also play kid's music for your children, the algorithm blends those two
very different behavioral profiles — and your Discover Weekly starts surfacing
children's songs alongside your usual music. Spotify's solution is to let users create
separate profiles or mark certain listening as 'Private Session," but many users
don't know these features exist.

The Bigger Picture: AT as Cultural Curator

The rise of algorithmic music curation raises questions that go beyond technology.
When an AI system shapes what music hundreds of millions of people discover, it
also shapes which artists get heard, which genres grow or shrink, and what cultural
directions feel mainstream versus obscure. Artists whose music is algorithmically
recommended grow their audiences; artists whose work doesn't fit neatly into
existing taste clusters may be effectively invisible despite producing excellent work.
Music journalists and indie artists have documented this phenomenon extensively.
Spotify's algorithms favor a particular kind of song: instrumentally rich but not too
challenging, emotionally resonant but not abrasive, familiar-sounding but not
derivative. Songs that break those patterns — genuinely experimental work — are
less likely to survive the recommendation filters. Whether that is a problem worth
worrying about is a question worth discussing.

Audio Features and the Mathematics of Taste

Spotify's algorithm does not just look at what you listen to — it analyzes the
acoustic properties of the music itself. Every track in Spotify's catalog is processed
through an audio analysis pipeline that extracts features like tempo in beats per
minute, energy level, danceability score, acousticness, instrumentalness, and valence,
a measure of musical positivity. These features are quantified as numbers between
zero and one. When Discover Weekly selects songs, it uses these audio fingerprints
to ensure that recommended tracks share properties with music you have already
responded to. This is called content-based filtering, and it works alongside
collaborative filtering to produce recommendations that feel both familiar and
fresh. The combination is what makes a good Discover Weekly playlist feel like it
was curated by someone who knows your taste intimately rather than assembled by a
machine. The Human Curation Layer Despite its algorithmic sophistication, Spotify
has learned that pure automation is not always sufficient. The platform employs

For more free lessons: morelessonslessplanning.com




human music editors who build curated playlists like RapCaviar and Today's Top Hits.
These editorial playlists inform the algorithm by exposing new tracks to massive
audiences quickly, generating the engagement data the recommendation system
needs to calibrate. Spotify also uses a feature called Taste Profiles, which segments
listeners by listening context — you might listen to high-energy music while running
and ambient music while working. The algorithm attempts to detect context through
time of day and listening patterns rather than asking users directly. This layered
approach, combining machine learning with human editorial judgment and contextual
inference, represents the current state of the art in music recommendation and has
influenced how competitors like Apple Music and Amazon Music design their own
discovery features.

Key Information: Spotify Discover Weekly

Detail Information
Feature Launch Discover Weekly launched in 2015
Playlis’r Size 30 new songs updated every Monday

Spo‘rlfy Users (2024) (I Over 600 million users globally

Technique 1 Collaborative filtering — taste clusters of similar
listeners

Technique 2 Natural Language Processing (NLP) — reads reviews and
articles about music

Technique 3 Audio analysis — extracts acoustic features like tempo,
energy, and danceability

Common Failure Mode || Filter bubble — algorithm pushes deeper into known
tastes, limiting discovery

Context Problem Shared accounts blend different user profiles and
distort recommendations
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Case Study: Jordan's Invisible Playlist

Jordan is 19 and plays guitar in an experimental post-rock band. He has
been on Spotify for four years and listens to a lot of music — but it's a
very specific slice: atmospheric, slow-building instrumental rock, some drone
metal, a little ambient electronic. His Discover Weekly used to feel almost
magical. 'How does it know?' he'd think, scrolling through the new tracks
every Monday. But lately, something feels off. The playlists feel like
they're going in circles. He keeps seeing different songs by the same 15
artists he already knows well. Meanwhile, a friend showed him a video of an
experimental jazz group that fuses his exact aesthetic with improvised brass
— and Jordan had never heard of them, even though they had 800,000
Spotify streams. 'Shouldn’'t the algorithm have found them for me by now?'
he asks. His friend shrugs. 'Maybe they don't fit your box.'

1. Using the concept of the filter bubble and what you know about how Discover
Weekly is built, explain why Jordan might never have been introduced fo the jazz
group despite his seemingly compatible taste.

2. The reading asks whether algorithmic curation becoming a cultural gatekeeper is
‘a problem worth worrying about." What do you think? Use at least one specific
example or piece of reasoning from the reading.
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Multiple Choice

1. What does Spotify's Natural Language Processing (NLP) system do as part
of its recommendation engine?

a) It reads song lyrics and filters out explicit content for certain users
and regions

b) It transcribes voice commands from users and converts them into
automated playlist searches

¢) It reads online reviews and articles to extract language describing
how music feels and sounds

d) It automatically generates a detailed written description of each
song to display inside the app

2. What is the 'filter bubble' problem in the context of Spotify's algorithm?
a) When a user's own private listening sessions are accidentally made
public to everyone who follows them

b) When the algorithm traps users in their existing taste zone and
rarely introduces genuinely new sounds

c) When the app filters out songs with low audio quality

d) When the playlist includes too many songs from the same artist
across multiple weeks

3. What does Spotify's audio analysis technique measure?
a) What music critics have written about a specific song online in
reviews

b) The artist's follower count and their overall engagement across
social media

¢) The total number of streams a song has received across the entire
platform

d) Acoustic features of the raw audio such as tempo, energy, and
danceability
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Matching

Write the letter of the correct definition on the line next to each term.

Term Definition

A) A machine learning process that

1. ___ Discover Weekly
extracts acoustic features from raw
audio to identify sonic similarities
between songs

B) A group of users identified by the
algorithm as having highly similar

2. ____Natural Language Processing (NLP)

listening histories and preferences

3.___Audio Analysis C) Spotify's Monday playlist feature
delivering 30 personalized songs the

user has never heard

4. Filter Bubble D) An AT technique that reads text
— reviews, articles, playlist names —

to understand how people describe

music

5. Taste Cluster E) A phenomenon where algorithms
push users deeper into familiar

content, limiting exposure to
genuinely new experiences

Fill-in-the-Blank

1. Discover Weekly was launched by Spotify in and updates
every Monday with 30 new songs.

2. Spotify's audio analysis system extracts acoustic features like tempo, energy, and
from every song in its catalog.

3. Users who listen to music for their children on a shared account may find that
their Discover Weekly recommendations get between the

two very different listening profiles.
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Short Answer
Answer each question in 2-4 complete sentences.
1. Describe how the three AI techniques Spotify uses — collaborative filtering, NLP,

and audio analysis — work together to build a Discover Weekly playlist. Why is
combining them stronger than using any one alone?

2. The reading suggests that Spotify's algorithm favors a particular "type’ of song.
What characteristics does that song tend to have, and what kinds of music might be
disadvantaged by this?

3. If you were designing a music recommendation system, what is one specific way
you would try to balance giving users what they already like with exposing them to
genuinely new and different music?
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